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Introduction 
Measuring generic technology can be of 
great significance in selecting & managing 
generic technology for new industries. Few 
studies on measuring generic technology 
have been found. The existing studies on 
measuring generic technology either focus 
on measuring or identifying a certain kind 
of generic technology according to 
qualitative analysis, or focus on measuring 
or identifying generic technology by using 
Delphi method during the process of 
technology foresight activities. When it 
comes to the indicator measuring generic 
technology, correlation is usually used, but 
this correlation is often the analytic results 
according to the opinions of Delphi 
experts, which lacks objectivity in some 
degree. 

Data collection and research 
methodology  
This study is based on bibliographic patent 
data retrieved from DII. We choose a new 
industry “electric vehicle” as the sample, 
for it is of great significant measuring 
generic technology in new industries. The 
data was retrieved on September 28, 2010, 
and we downloaded the latest 5000 patent 
data in 2009 as the sample. Technology 
fields co-occurrence analysis is used in this 
study. DMC, i. e.: Derwent Manual Code, 
is chosen as technology field classification. 

Analyzing & Results  

Close connection of technology fields 
analysis 
Among the 2 323 different kinds of 
technology fields, top 79 technology fields 

with frequency higher than 70 times form 2 
033 co-occurring pairs, and 11 pairs with 
more than 300 frequency among these 
pairs are as Table 1. Technologies with 
high frequency of co-occurring pairs mean 
there is a strong tie and close connection 
between the two technology fields. 

Matrix among top 79 technology fields 
Still analyzing by the software of Bibexcel, 
we got the co-occurrence matrix of the top 
79 technology fields. We get the co-
occurrence technology partners of each 
technology field according to the formula 
of Countif (B2:B80,">0"), and listed top 
30 of all as Table 2 by their order from 
high to low. 

Table 1. Top 11 technology co-occurring 
pairs. 

Technology co-occurrence pairs  Fre.  
X21-A01D 
X21-A01D 
X21-A01J 
L03-H05 

X21-A01D1 
X21-A02A 
T01-J07D1 
X21-A01D 
X21-A01D1 
X21-A01F 
T01-J07D1 

X22-P04A 
X21-A01F 
X21-B01A 
X21-B01A 
X22-P04A 
X22-P04A 
X21-A01F 
X21-B01A 

X21-A02A 
X21-B01A 
X21-A01D 

817 
639 
487 
470 
414 
413 
389 
388 
375 
345 
330 

Table 2. Top 10 co-occurrence partners . 

No. partners ID (DMC) 
1 56 T01-J07D1 
2 44 L03-H05 
3 38 X16-B01 
4 36 A12-T04C 
5 36 X22-F 
6 34 U24-H07 
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7 33 X21-B01B 
8 32 X11-U02 
9 32 X22-F04 
10 32 X22-F01A 

Network of top 79 technology fields 
Using Ucinet-Netdraw, we drew Figure 1: 
network of top 79 technology fields. Figure 
1 shows that the right upper part is more 
density than other parts; the node of T01-
J07D1 is the biggest node in the graph. 

 
Figure 1. Network of top 79 technology 

fields. 

Network indicator of generic technology 
measuring 
We chose Ucinet-centrality-multiple 
measures-degree (abbr. M-Deg.), and 
found that the order of M-Deg. is coincide 
with that of the partners. So M-Deg. is 
considered to be a proper indicator in 
measuring generic technology (Table 3). 

Table 3. Orders both of M-Deg. and 
partners. 

No. M-Deg.↓ ID(DMC) partners↓ 
1 71.795 T01-J07D1 56 
2 56.41 L03-H05 44 
3 48.718 X16-B01 38 
4 46.154 A12-T04C 36 
5 46.154 X22-F 36 
6 43.59 U24-H07 34 
7 42.308 X21-B01B 33 
8 41.026 X11-U02 32 
9 41.026 X22-F04 32 
10 41.026 X22-F01A 32 

Conclusions & discussions  
Co-technology analysis, i. e.: technology 
field co-occurrence analysis, can be used to 
measure generic technology. Having more 
technology co-occurrence partners for a 
given technology field means it is more 

likely to be a generic technology field. 
•Analyzing results also show that, generic 
technology is not necessary hot technology 
with high frequency. The weight of co-
technology should be taken into 
consideration in the further studies. 
Measuring generic technology can be 
visualized by using Netdraw tool of 
Ucinet. It is concluded that multiple-degree 
centrality is a proper indicator in 
measuring generic technology after 
analyzing and comparing degree, 
betweenness, closeness, and eigenvector 
centrality. 
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